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b) Memetic algorithms: Survival of the
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= Population ; Pop = [X,, X,,....X,].
= Particle Location 3 X = [X;,X5 5eenen. X4l
= Particle Velocity Vo=V, Voo vig |

= Best Position of each Particle ; PB;, =[ pb,,, pb.,, .....pb,, |.

Global Best Position ; GB=[gb,, gb,, ......gb, ].
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Ve =wv, +en(p—x_ )+ on(pl,—x)

[ — particle

k — iteration number

vl = velocity of iteration k of the ith particle
X — position

Ty = random numbers in [O,l]

C1>Cy = acceleration constants

w — inertia weight

pl — best position attained by particle i so far

p ]‘f g~ global best position attained by the swarm at iteration k —1
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